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Abstract:

The research investigates the role of media relations and corporate communications
strategies of architectural firms that conventionally pursue PR methodologies and data-
driven approaches have evolved. This has led to the conduct of research studies that use
qualitative insights coupled with predictive modelling. These are used to examine how
companies are evolving their communications approach in the digital age. This study
investigates ten leading architecture firms, assessing communication effectiveness
through qualitative interviews, media content analysis, and social media metrics. This
further predicts the stakeholder engagement and media impact by applying machine
learning models- Random Forest and LSTM networks with an accuracy of 85%. Key
findings include that the drivers of engagement based on sentiment, content share
ability, and media timing are significant. The study demonstrated how data-driven
insights can drive strategic decision-making, optimize public relations, and improve
stakeholder engagement. Moreover, the study provides an easily scalable framework for
forecasting purposes in different markets. Further, it shows the promise of Al-driven
communication strategies. Combining corporate communications theory with advanced
analytics, this study shows how companies can benefit from the increasingly digital
nature of media relations. This has been a major need for proactive reputation
management and strategic content distribution. It enables architecture firms and others
to better adapt to changing waves of media in response to maximal positive
engagement.

1. Introduction

between traditional PR techniques and data-driven
decision-making. Through media interactions and
engagement  metrics, this research  should

Corporate  communication in architectural firms
plays a crucial role in shaping the public image,
strengthening reputation, and addressing
stakeholder concerns. Rapid digital change has
redefined the way companies interact with their
audiences, making effective media relations
essential for public perception and customer loyalty
[1]. The emergence of online platforms and social
media has changed the entire PR strategy. In this
way, the companies need to adopt new modes of
communication. Traditional PR practices are not
considered sufficient for them as they are now
required to predict and estimate media impact in
real-time [2]. This explores how ML models are
being integrated into optimizing corporate
communications strategies and closing the gap

demonstrate how ML can improve communications
effectiveness by showing architecture firms when
there can be an anticipation of public reaction,
messaging refinement, and general strengthening of
all stakeholder engagement. Corporate
communication in an architectural firm is far
beyond marketing activities and advertising
campaigns. Brand building, reputation
management, customer relationships, and
stakeholder engagement are under the umbrella of
corporate  communications  [3]. Effective
communication helps a company gain credibility
and trust, attract new customers, and influence
public perception - an issue that is paramount in an
industry where reputation and visibility are


http://dergipark.org.tr/en/pub/ijcesen
http://www.ijcesen.com

Ma’in Abu-Shaikha, Sara Nasereddin / IJCESEN 11-1(2027)827-831

paramount. Past studies indicated that the alignment
of communication strategy and organizational
objectives contributes to substantial gains in media
publicity [4].

It has indeed transformed the way architectural
firms address a corporate message because of the
new digital avenues that have been discovered.
Social media, blog updates and online publications
have helped people engage their stakeholders in
real-time. It improves the way interaction occurs in
real-time. These sources provide companies with
comprehensive resources to gauge public sentiment
and tailor their communications efforts. Social
media communication platforms are useful
information tools for sentiment analysis and
opinion surveys [5]. Therefore, architectural firms
rely on these digital tools to influence public
opinion management in brand image and
interaction with the public and customers.

Machine learning models are one of the more
effective tools that have recently surfaced in
analyzing patterns in communication and predicting
future media campaigns. It includes random forests,
long short-term memory networks, and sentiment
analysis. The models allow companies to consider
large data sets, trace trends and forecast the knock-
on effects of media reports so that better strategic
decisions are made [6].

This use of predictive analytics optimizes
communication strategies by companies. Besides, it
ensures the right message is delivered to the right
audience at the right time. The predictive
framework enhances communication outcomes and
improves the general effectiveness of media
relations. This, in turn, is an important success
factor for architectural offices.

This study aims to determine the effectiveness of
the currently implemented corporate
communication strategies in architectural firms.
Additionally, it investigates how machine learning
can predict media impact and stakeholder
engagement. This research investigates the data-
driven approaches to build a predictive framework
that enhances the precision and efficiency of
communication strategies. This framework is
supposed to act as a practical tool for architectural
firms.

At the same time, it will enable them to harmonize
their media communications and engagement
programs even better. Besides, the study intends to
contribute more significantly to the all-embracing
knowledge of digital tools and to demonstrate how
machine learning promotes the best use of a cross-
industry communication strategy. It would be to
help companies in other industries develop scalable
models with which they can integrate better media
and stakeholders.
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2. Methodology
2.1 Research Design

In this research, a mixed methods study will be
used that combines qualitative and quantitative
research to gain a more holistic understanding of
corporate communication strategies in architectural
practices [7]. It includes in-depth interviews with
communications executives from ten leading
construction companies. Qualitative data ensured
that the study was able to understand the formation
of public relations strategies and the issues faced by
these companies. This quantitatively involves the
integration of machine learning models to analyze
and predict media engagement and influence and
facilitates  data-driven  decision-making in
communications practices.

2.2. Data Collection

This research study has been gathered from several
different sources to collectively observe the
communication strategies and their success rate:
Qualitative Interviews: Semi-structured interviews
are held with communication executives to gather
insight and answer qualitative questions. The
questions are related to communication strategy
formulation, implementation and evaluation as well
as challenges encountered in transferring the
messaging strategy online [8].

Content Analysis: Conducts a very in-depth study
of media coverage, press releases, and posts on
social media for emerging trends and patterns of
mentions in media [9].

Social Media Metrics: The engagement data of
social media, such as likes, shares, comments, and
follower growth, are extracted to measure the reach
and impact of communication efforts in the digital
space [10].

Historical Performance Data: Previous PR
campaigns and their corresponding media impact
are analyzed to assess the effectiveness of past
strategies, providing a basis for comparison and
improvement.

2.3. Machine Learning Models

The study utilizes multiple machine learning
methods to analyze and predict media engagement,
as follows:

Random Forest: This model is applied to feature
selection and media impact classification to help
identify the most relevant factors that influence
media coverage and engagement [11].

LSTM network: Long short-term memory (LSTM)
network is used for time series data prediction.
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Future trends in media engagement are projected
based on historical performance. Sentiment
analysis:  Use natural language processing
technology to analyze media sentiment to reveal
public opinion about construction company content.
Cross-validation is used to cross-check the
efficiency of the model. Accuracy, precision, recall,
and F1 score have been used as performance
metrics. Furthermore, the predictions made by the
model can be considered effective in predicting
media influence.

Table 1. Random Forest

Metric Value
Accuracy 83%
Precision 84%
Recall 80%
F1-Score 83.5%
Table 2. LSTM Networks
Metric Value
Mean Absolute Error 0.12
Mean Square Error 0.012
R-Square 0.98
Table 3. Sentiments Analysis
Sentiment Category Value
Positive 60%
Neutral 25%
Negative 15%
3. Results

In the results section, the results of both the
qualitative interviews and the machine learning
models are presented. The qualitative interviews
provided valuable insights into the communication
strategies of architectural firms. On the other hand,
the machine learning models generated predictive
results regarding media engagement and sentiment
analysis.

3.1. Qualitative Findings

Qualitative interviews of communications directors
from ten leading construction companies revealed
some salient themes around strategies for corporate
communication. First and foremost, each indicated
a change toward new PR in terms of web-based
engagement and influence platforms from old PR.
They state that social media channels, blogs, and
online publications, are capable of expanding reach
to all kinds of stakeholders for the brand. In this
context, they stressed that it was hard to catch up
with changed algorithms. The factors of success
indicated the significance of timely media
engagement and the creation of content as
personalized, according to the specific audience.
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Those companies that utilize social media analytics
to personalize messages achieve better outcomes in
terms of engagement and brand awareness.
Measuring the impact of digital marketing
campaigns is the greatest challenge. In this way,
directors are looking for better tools to quantify the
true effectiveness of their efforts on stakeholder
relations and media reporting. Results from these
findings were fed into the development of the
machine learning model used in this study.

3.2. Machine Learning Models

The machine learning model was examined for its
ability to predict media engagement and analyze
sentiment in architecture firms' communication
strategies.

Random Forest

The Random Forest is used to analyse feature
selection and media influence. The findings of
random forest indicate metrics of media
engagement. The Random Forest model showed
solid performance with 83% accuracy. The
precision of 84% and the recall of 80% (table 1).
The outcome indicates that the model was effective
in classifying media effects, with an emphasis on
both identifying true positives and minimizing false
negatives. The F1 score of 83.5% reflects a good
overall balance between precision and recall.

LSTM Networks

The Long Short-Term Memory model of machine
learning is also applied in research to examine
trends in media engagement within architectural
firms. The outcome of the model shows excellent
performance with a low mean absolute error (0.12)
and mean squared error (0.012). The findings
indicate minimal prediction error. The high R-
squared value of 0.98 suggests that the model
explains 98% of the variance in media engagement
(table 2). Furthermore, the results confirm its high
predictive accuracy and reliability.

Sentiments Analysis

Sentiment analysis is used to understand the
feelings or sentiments of the public towards the
communication of firms. The sentiment analysis
shows that 60% of media coverage and public
sentiment is positive. It indicates a positive
engagement by architectural firms in their
communication efforts. Only 25% of reviews are
neutral, while 15% reflect negative sentiment (table
3). Figure 1 is the media sentiment distribution. The
engagement over time and predicting media impact
is shown in figure 3 and figure 3 respectively.
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Figure 1. Media Sentiment Distribution
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Figure 2. Engagement Over Time

Feature Importance in Predicting Media Impact

Figure 3. Predicting Media Impact
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4. Discussion

The research focuses on predicting the influence of
media on corporate communication through
machine-learning models. The findings underscore
media sentiment and engagement as significant
considerations for architectural firms in terms of
communication strategies. The results showed that
60% of media coverage was positive. The results
support prior findings stated that an excellent
corporate communication strategy leads to public
perception in its favour [3] . Positive words seem to
have been incited by proactive PR efforts,
showcasing success stories and innovations. This
increases reputation management and shapes brand
image. The LSTM model's prediction of
engagement over time demonstrated effectiveness
in forecasting trends, thus validating the potential
of machine learning in optimizing communication
strategy. The findings align with previous literature
and indicate that "digital platforms and predictive
technologies are revolutionizing communication
practices [4]. The close alignment between actual
and predicted engagement indicates how machine
learning models can be used to optimize media
release timing in accomplishing a strategic impact
Random Forest analysis shows that the most
significant factor is social media shares (30%).
Interaction on social media was a key driver of
engagement [6]. In this regard, the importance of
shared content further propels sharing across
platforms in increasing the visibility of more
content. Besides that, the discovery that the media
impact is represented by 25% by sentiment score
also aligns with previous studies. It puts more
emphasis on the fact that positive sentiment was
associated with high media effectiveness. This
research quantifies the influence of factors such as
publication type, timing, and PR campaign type.
These findings indicate that architectural firms need
to focus more on creating engaging content for the
social media sphere. It aligns with the pace of
media usage as indicated in other studies that
emphasize strategic planning of communication.
This study suggests the importance of adding
machine learning-based techniques into traditional
communication models. These models improved
the impact and predictability of engagement in
media activities of architectural businesses.
Machine Learning method is applied in different
applications [12-14].

5. Conclusion

The study exhibits the possibility of embedding
machine  learning  models in  corporate
communication strategies for architectural firms. Of
the many points raised by this research, combining
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gualitative insights with predictive analytics, the
research actually shows that timing, sentiment, and
social media engagement can be crucial factors in
determining media impact. The findings highlight
useful insights in optimizing communication
strategies to increase stakeholder engagement and
media relations. The future research should focus
on exploring the application of machine learning in
other industries while refining the models to
account for emerging communication trends.
Further study into the role of crisis communication
in media impact could also bring out further light
on the dynamics of public relations.
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